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The Change of Knowledge Discovery Research and Its Development Trend in Big Data Environmental

JIN JiaLin'? WANG YueFen'?
( 1. School of Economics and Management, Nanjing University of Science and Technology, Nanjing 210094, China;

2. Jiangsu Social Public Security Technology Cooperative Innovation Center, Nanjing 210094, China )

Abstract: With the progress of information technology and the rapid development of knowledge economy, knowledge discovery, as the key process of

knowledge innovation and knowledge service, is concerned by academic circles. Data is the starting point of knowledge discovery, so the rise of big data has
put forward a new topic for knowledge discovery. In this paper, CNKI and WOS retrieval are used as data sources, and 2012, which is highlighted by big data,
is used as a comparative time node. The paper compare the differences before and after 2012, respectively from two aspects at home and abroad, in order to

explore the impact of big data on knowledge discovery. Then, through reading and classifying, the paper do content analysis for the knowledge discovery
literature after 2012, and review the change and development of the specific research contents of knowledge discovery under the influence of big data. Through
the comparative analysis and content analysis, this paper found that the emergence of big data made the key of research on domestic knowledge discovery

method from data mining to data preparation and application, while foreign research focus on all stages of knowledge discovery. Domestic research need to

strengthen the results evaluation and interpretation stage research of knowledge discovery.
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