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A Review of Topic Evolution Research

QIAN Li' ZHU HengMin"* WEI Jing'
( 1. School of Management, Nanjing University of Posts and Telecommunications, Nanjing 210003, P.R.China;
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Center, Nanjing 210003, P.R.China )

Abstract: Topic evolution analysis is of great significance to monitor the general situation of topic spreading and predict its future trend. Based on
the systematic investigation and analysis of the related research on topic evolution at home and abroad, this paper summarizes the basis of topic evolution
research, and discusses the different dimensions of topic evolution research from the aspects of topic intensity, topic status, content and evolution path, as
well as the trend prediction of topic evolution, in addition, it also discusses the different methods of topic evolutionary research. Finally, it points out the
shortcomings of the existing research and prospects the future research on topic evolution.
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