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Research on Discovery Method for Scientific Research Relationship Network

WANG ZhuoHao XU ChenYang JIANG JunPeng WANG Dong
( Institute of Scientific and Technical Information of China, Beijing 100038, P. R. China )

Abstract: Using data mining and other technical means to automatically detect the community structure contained in the scientific research relationship
network is of great significance for the targeted establishment of scientific research teams, the maintenance of fairness and impartiality of project declaration,

title evaluation and other procedures. Most of the existing discovery methods for scientific research relationship network have problems such as high

complexity, one-sided dependence on paper co-authorship and project collaboration. Therefore, this paper presents a discovery method for scientific research
relationship network, which is based on the classical PageRank algorithm and considers more relationships among scientific researchers. We first describe the

relationship model of scientific researchers and then establish the network among them. After that by mining and analyzing the local network with a single

scientific researcher as the core, we can quickly find the community in which the scientific researcher is located. Our method can not only reduce the complexity
of community discovery, but also improve the availability of the discovered community. We believe that it will play a certain role in promoting the management
of science and technology in our country.

Keywords: Scientific Research Relationship Network; Method; PageRank
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