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Causal Inference and Its Application in the Field of National Defense: Taking DARPA Causal Inference Intelligence Project in the United States as an Example

REN QianQian' BAI RuJiang' CHEN Xin' LIU RuiLin
(1. School of Information Management, Shandong University of Technology, Zibo 255049, P. R. China;
2. Faculty of Informatics, University of Toronto, Toronto M5S3G6, Canada)

Abstract: Affected by the rapid development of technology and changes in the combat environment, the process of national defense construction is facing
unprecedented complexity. How to assist decision-makers in more accurately understanding the causal logic between complex system elements, and further
consolidate and improve the level of national defense construction is one of the important issues in the field of national defense. Based on the elaboration of
causal knowledge such as Rubin causal model and structural causal model, this study takes a series of causal inference intelligence projects carried out by Defense
Advanced Research Projects Agency (DARPA) in the United States as an example to analyze the important value and specific application scenarios of causal
inference in national defense construction. Combining the trends of causal inference intelligence projects, this article explores the inspirations and suggestions for
China’s national defense construction. Research has shown that causal inference has unique advantages in improving the accuracy and interpretability of national
defense decisions. In the future, it is necessary to face up to and actively introduce causal inference, attach importance to data resource construction, enhance the
level of technological intelligence, strengthen supervision and management, and accelerate the application of causal inference in national defense construction.

Keywords: Causal Inference; National Defense Construction; America; Defense Advanced Research Projects Agency; Rubin Causal Model; Structural
Causal Model
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