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Control of autocorrelation process based on sequential
Monte Carlo method

Liu Liping, Ma Yizhong, Zhou Xiaojian, Wang Jianjun
(Department of Management Science and Engineering, Nanjing University of
Science and Technology, Nanjing 210094 )
Abstract

Aiming at the online quality control problem in an autocorrelation process with unknown parameters, the control
strategy based on the sequential Monte Carlo (SMC) method is studied. Based on the state space process control model,
the difficulty caused by the unknown parameters in solving the control strategy using the Kalman filter is analyzed. The
posterior estimations for each parameter are achieved by building the prior distributions for the unknown parameters and
using the SMC method, and then the control strategy for minimizing the loss of process is obtained. The simulations are
given to analyze the effectiveness of the approach. The resulis show that the control strategy obtained by the approach has
a good control performance .
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