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A method for detection of partially occluded faces based on component
distance matching degree function

Guo Song” , Gu Guochang® , Cai Zesu™ , Liu Haibo® , Shen Jing"
( * School of Computer Science and Technology, Harbin Engineering University, Harbin 150001)
( ** School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001 )
Abstract
To solve the problem of detecting the faces with partial occlusions better, a face detection method based on the
component distance matching degree function was proposed. The method was carried out in the study as below:
Firstly, the AdaboostSVM algorithm, i. e. the Adaboost algorithm based on a support vector machine (SVM) , was
used to detect the components of the faces included in the input image. Then, the component distance matching de-
gree function was given, which was determined by the mean and variance of the components’ distance together.
The component integration verification algorithm based on the function of the component distance maiching degree
was proposed, and the locations of the occluded components were estimated. Finally, the faces with partial occlu-
sions were detected and located. The experimental results show that the proposed algorithm can enhance the per-
formance and the speed of detection of partially occluded faces, and can detect the faces with partial occlusions ex-
actly in a complex background.
Key words: face detection, component-based, partial occlusions, AdaboostSVM, component distance mate-

hing degree
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