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Algorithm 1 Creation of Character Primitive Codebook and de-
scriptor quantization

1. // Welw, e, )
representative primitives
2. // Deid, - ,d, ] : the list of descriptor to be quantized
3. for all descriptors d; € D do

4. for all primitives of codebook w, € W do
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Image keyword spotting based on visual phrases of character primitives

Li Peng, Cui Gang
(School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001 )
Abstract

This paper proposes a new approach for image keyword spotting using visual phrases of character primitives.
The approach firstly extracts maximally stable extremal regions from a given image, and then normalizes them into
character primitives. Considering that each image keyword is composed of several primitives, it adopts the visual
phrases constructed by using the adjacent character primitives to improve the description of image keyword spotting.
For different keywords may share the same character primitives but with the different geometric structure, it meas-
ures the similarity of geometric structures of phrases based on the adjacent relationship of character primitives. This
method does not require the processes of image binarization, layout analysis and text area localization. And it is
more flexibly and robust. The experimental results show that this method is with the high accuracy in spotting of dif-
ferent languages’ image keywords.

Key words: character primitive, visual phrase, maximally stable extremal region, image keyword, spam im-

age
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