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Robust feature representation based on data commonalities
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Abstract

To improve the performance of image retrieval ,the effects of image variations on the robustness of visual fea-

tures were studied,and then a novel robust feature representation method was proposed. The method mines robust

features’ data commonalities , the general characters among the robust features extracted under different image varia-
2 2 g

tions ,and then represents features in binary codes based on the data commonalities. In the feature mining stage , the

commonalities are obtained based on the visual information and the similarities of features in a vector space. In the

feature representation stage ,the commonalities of features are off-line learned and the data with commonalities are

represented as similar binary codes by using the locality preserving Hash ( LPH). This method can perform well un-

der complex image variations, for it fuses data commonalities implicit in the feature extracting process with feature

representation techniques. The experimental results show that the precision of the method can be improved by more

than 6% compared with the existing methods in image retrieval applications.

Key words:image content analysis, visual feature extracting,robust feature representation,data commonalities
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