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Biclustering of gene gxpression data based

on correlation scatter search

Sun Junling

( School of Computer, Wuhan University , Wuhan 430072 )
( Department of Information Engineering, Henan Finance and Taxation College ,Zhengzhou 451464 )
Abstract

A correlation scatter search algorithm is presented with the aim of finding biclusters from gene expression data.

Scatter search is an evolutionary technique that is based on the evolution of a small set of solutions chosen according

to the quality and diversity criteria. This algorithm uses a fitness function to detect shifting and scaling patterns from

genes based on the linear correlation among genes, and includes an improvement method in order to select just posi-

tively correlated genes. The proposed algorithm was tested with the three real data sets of the Yeast Cell Cycle data-

set,human B-cells lymphoma dataset and Yeast Stress dataset,and the performance of the proposed method and fit-

ness function were compared with that of the other algorithms of CC,OPSM,ISA ,BiMax and Samba using the Gene

the Ontology Database. The experimental results show that the proposed method can find a remarkable number of bi-

clusters with shifting and scaling patterns.

Key words:bicluster, scatter search, microarray technology , shifting pattern, scaling pattern
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