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Application of supervised orthogonal trace ratio discriminant
projection to image set face recognition

Zhang Qiang” , Cai Yunze ™
(* College of Electronic and Electrical Engineering, Zibo Vocational Institute , Shandong, 255314 )
( ™ School of Electronic, Information and Electrical Engineering, Shanghai Jiaotong University, Shanghai 200240)
Abstract

The existing feature extraction methods for face recognition were studied and analyzed, and based on this, a
novel feature extraction method using supervised orthogonal trace ratio discriminant projection ( SOTRDP), called
the SOTRDP method for short, was proposed. Unlike the unsupervised discriminant projection ( UDP) method, this
new method can simultaneously use both local information and class information to model the similarity of the data.
Based on the improved local tangent space alignment ( ILTSA) nonlinear dimensionality reduction, the SOTRDP
was extended to image set face recognition application by using the clustering centers as input. The results of the
experiments on the PIE and Honda/UCSD image set face databases demonstrate the effectiveness of the proposed
face recognition method.

Key words: unsupervised discriminant projection ( UDP) , supervised orthogonal trace ratio discriminant pro-

jection (SOTRDP) , improved local tangent space alignment (ILTSA) , image set face recognition
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