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(1) AR B 759 B A 0K | IB A7 I 37 45 2
SR GRS SR o v AR B M, 2R UL A B
Requirement J& PEFN W) 46 Rank J& 1, BIAE b i 25 1
LIRS AR, B, AE ) B B 1f Require-
ment E‘@{Eﬂi]
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Abstract

Aiming at the current situation that existing cluster resource scheduling methods cannot meet the diversified
and customized requirements of the Internet services, an approach for elastic cluster resource scheduling for mixed
workloads was studied. Firstly, a dynamic description language of job constraints was constructed to describe the
multi-dimensional resource requirements from various jobs with different workloads. Secondly, a workload-aware re-
source scheduling algorithm was used to deploy and make overall plan for various business applications in a single
cluster, which could respond to the changes in resource requirements in time. Thirdly, a convertible mechanism for
soft and hard constraints was designed for meeting customized resource requirements from different running stages of
applications. The experimental results show that the above-mentioned method can outperform the Hadoop in terms
of consuming less resources and achieving better performance when running jobs. In real production systems, it can
increase the resource utilization from 62% up to 75% .

Key words: cluster resource scheduling, job constraint scheduling, workload-aware, mixed workload, inter-

net data center (IDC)
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