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An indoor service system for parsing of deep information
from Chinese voice commands

Kong Lingfu, Gao Shengnan, Wu Peiliang
(School of Information Science and Engineering, Yanshan University, Qinhuangdao 066004 )
Abstract

For realizing the natural human-computer interaction of indoor service robots, a study on Chinese voice com-
mands was conducted, and a deep information parsing system based on a probability/neural network hybrid model
was proposed. This system is composed of a command parsing module and a deep information extraction module,
and the former parses out the effective information of voice commands based on the probability model, while the lat-
er extracts the deep information, the service object or the target object as a condition known, based on the neural
network model of family environment, for making the deep information contained in commands explicit. The experi-
mental environment in general family environment was built for simulation experiment, and the simulation data veri-
fied the feasibility of the command parsing module and the deep information extraction module. Two kinds of Chi-
nese voice commands with typitcal structure were chosen for a deep parising experiment on the system, and the ac-
curate effective information and the deep information were extracted.

Key words: probability / neural network hybrid model, command parsing module, effective information,

deep information extracting module, deep information
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