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A feature selection algorithm taking account of stability

Ji Jinsheng, Guo Yiyou, Huo Hong, Fang Tao
( " Department of Automation, Shanghai Jiao Tong University, Shanghai 200240 )
( ™ Key Laboratory of System Control and Information Processing, Ministry of Education, Shanghai 200240 )
Abstract

To improve the stability of feature selection and reduce the fluctuations caused by the variation of sample data,
a filter-type feature selection method considering the stability index is proposed. Unlike the integrated feature selec-
tion and other methods, the propose method takes feature’ s stability, together with the relevance and redundancy,
as the evaluation criteria for feature selection, reduces the fluctuations of sample, data by producing multiple data
sets, continuously puts new selection results into the iterative calculation of stability, and increases the proportion of
the stability factor until the iteration is converged. At last, the achieved feature sequence fusing multi-iteration in-
formation is taken as the final result of feature selection. The experimental results show that the proposed method
can improve the stability of feature selection obviously, and reach the satisfied classification accuracy meanwhile.

Key words: feature selection, relevance, redundancy, stability, high-dimension data
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