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Study of applying semi-supervised extreme learning machines to

activity recognition using Android phones

Wang Jinjia , Tian Peipei
(School of Information Science and Engineering, Yanshan University, Qinhuangdao 066004, China)
Abstract

Based on the analysis of the existing techniques for activity recognition using Android phones, the semi-super-
vised (SS) learning capable of raising the recognition accuracy and speed based on unlabeled samples was combined
with the extreme learning machine ( ELM) reflecting the effective learning mechanism of pattern classification re-
gression to give a SS-ELM method to solve the activity recognition on the Android mobile platform to solve the diffi-
cult problem of extrapolating human activity from incomplete, inadequate mobile sensor data. Furthermore, based
on combining principal component analysis (PCA) , a new method, called the SS-ELM, was proposed. The experi-
mental results show that the novel method is feasible and its recognition accuracy can reach 95% , better than that
of the recently proposed method of mixture-of-experts.

Key words: activity recognition, semi-supervised extreme learning machine ( SS-ELM) , sensor, accelerome-

ter, Android phone
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