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Design and application of a wind farm SCADA system
based on cloud computing platform

Liang Tao, Hou Zhenguo, Zou Jihang, Zhang Yingjuan
(School of Control Science and Engineering, Hebei University of Technology, Tianjin 300130)
Abstract

Aiming at the large amount of multi-source and heterogeneous data accumulated by wind farms, a wind farm
supervisory control and data acquisition (SCADA) system based on the cloud computing platform is designed with
the help of cloud computing platform’ s advantages of architectura flexibility and parallel data processing. The intel-
ligent data mining algorithm is adopted in the cloud computing platform of the system to complete the remote collec-
tion, intelligent analysis and fault prediction of wind power generator’ s data. Finally, the power and rotor speed
data reflecting the performance of the wind farm are selected and are analyzed by cluster analysis and regression
analysis by using the two typical data mining algorithms of the adaptive weight based AFW-K-means and the least
square support vector machine (SVM) to verify the feasibility of the system.

Key words: supervisory control and data acquisition (SCADA), cloud computing, data mining, clustering,

support vector machine (SVM)



