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An optimization algorithm for geomagnetic parking place detection
based on RBF neural networks

Gu Futing, Guo Haifeng, He Defeng, Peng Mingyang
(College of Information and Engineering,Zhejiang University of Technology, Hangzhou 310023 )
Abstract

Cars’ geomagnetic parking place detection is studied. Considering that the baseline drift occurs under cars’
long parking, thus the traditional geomagnetic detection algorithm is prone to missed detection and misleading dur-
ing long parking, an algorithm for geomagnetic parking detection based on radial basis function (RBF) neural net-
works is proposed. The algorithm compensates the baseline under long time parking condition to obtain more accu-
rate baseline values to improve the detection accuracy. The experimental results show that the baseline value ob-
tained by this algorithm quickly approximates the real value, and the compensation effect on the baseline drift is im-
proved. After compensating the baseline by RBF neural networks, the false detection rate is reduced by 6. 65% and
the accuracy rate is improved by 7.31%.

Key words: geomagnetic detection algorithm, baseline drift, radial basis function (RBF) , parking place de-

tection
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