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Research on lane line classification based on Gist-SVM
and lane detection and recognition

Wei Yudong, Yang Xianhai, Tan Derong
(School of Mechanical Engineering, Shandong University of Technology, Zibo 255049 )
Abstract

In order to adapt to the complicated lane condition recognition, a method of automatically detecting and classif-
ying linear-bending lane lines using Gist-SVM machine learning is proposed. Firstly, both linear and curved classi-
fication models are trained by Gist-SVM ; then the characteristics of the test images and the training model are used
for predictive learning, and support vector machines (SVMs) are used to automatically classify linear and curved
lane types; and finally the detected linear lane lines are detected and identified using the constrained Hough trans-
form, and the detected curved lane lines are fitted with a curved line using most of the small line segments. At the
same time, an interface adapted to the lane detection and recognition system of this paper is designed, and the lane
detection algorithm is integrated into the system interface. The experiment results prove that Gist-SVM can automat-
ically detect the classification of lane lines, reduce the erroneous detection rate of linear-bent type lane detection by
20% , and improve the accuracy of detection.

Key words: lane line classification, linear-bend type, detection system interface, Hough transform plus con-

straint
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