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[0 )2
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X. append(5)
Y. append(y)
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/TSRS REJTRARY « /
for degree in range( deg, MaxDeg)
linreg = Ir (fit _ intercept = False)
linreg. fit (X, Y)
tmpR2 = linreg. score(X, Y)
if tmpR2 > = MinR2
coef = linreg. coef _
deg = degree
break
endif
endfor

end
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Abstract

In order to solve the problem of meeting the requirement of service request response time and reducing resource

usage under high real-time requirements and sensitive to service request response time, a service capacity model

based auto-scaling of resource provisioning ( SCMARP) is proposed. In order to establish an accurate service capa-

bility model, nonlinear regression based service capacity model ( NRSCM) is proposed. In the resource supply

phase, SCMARP quickly and accurately scales resources according to the current service request load, service re-

quest paradigm, and established service capability model, thereby reducing the number of violations of request re-

sponse time SLAs and resource usage. The experiment results indicate that compared with the threshold based auto-

scaling of resource provisioning (TARP) , on the basis of meeting the requirement of response time, the average re-

source usage decreased by 6% , and the service request timeout failure rate decreased by 10.7%.

Key words; microservices, auto-scaling of resource provisioning, service capacity model, nonlinear regression



