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Improvement and implementation of dynamic gesture recognition

algorithm based on Kinect

Li Guoyou, Meng Yan, Yan Chunwei, Song Chengquan
(School of Electrical Engineering, Yanshan University, Qinhuangdao 066004 )
Abstract

In order to solve the problem that the hidden Markov model ( HMM) algorithm has low accuracy in dynamic
gesture recognition, is easily interfered by undefined gestures, and is difficult to adapt to complex backgrounds,
this paper proposes an improved HMM dynamic gesture recognition method based on Kinect V2 sensor. After the
gesture segmentation, the method performs uniform quantization and coding with the value of the tangent angle of
the centroid motion trajectory, sets the probability threshold model and the type of coding to exclude undefined ges-
tures, performs dynamic gesture recognition, and compares the recognition effect under different experimental envi-
ronments. The experimental results show that the improved HMM algorithm effectively eliminates many undefined
gestures, can adapt to complex background and dark conditions, and can improve the recognition rate of already
defined gestures.

Key words: Kinect V2 sensor, dynamic gesture recognition, improved hidden Markov model ( HMM) , unde-

fined gesture, recognition rate
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