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Algorithm for trajectory similarity in wireless roaming scene

Chang Yiyi* ™ ™ |, Wang Jinsong "
( " School of Computer Science and Engineering, Tianjin University of Technology, Tianjin 300384 )
( ™ Tianjin Key Laboratory of Intelligence Computing and Novel Software Technology, Tianjin 300384 )
( ™ National Engineering Laboratory for Computer Virus Prevention and Control Technology, Tianjin 300457 )
Abstract
Users generate a lot of behavior data when roaming under wireless network. These data contain users’ trajecto-
ries. The more similar the trajectory is, the more likely users have intimate social relationship. Traditionally, the
similarity of trajectory between users is mined by comparing the longest common subsequences of two semantic traj-
ectories. However, these kinds of algorithms do not focus on sequential properties and continuity of trajectories. In
this paper, a method of trajectory similarity computation based on spatio-temporal character is proposed. The trajec-
tory similarity of users is calculated from two dimensions of time and space. Users are clustered based on the trajec-
tory similarity. Then clustering results are mined under different time slices, drawing a persona for users who have
higher intimacy as a “common roaming behavior” persona. Experimental results show that this method can accu-
rately measure the similarity between users, performs better to find social relationship, and can visualize the com-
mon roaming behavior among users in wireless roaming scenarios.

Key words: campus network , wireless roaming, trajectory similarity, spatio-temporal data, clustering
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