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Rule-based continuous action recognition

Ding Weili, Hu Bo, Zhang Yanxin
(School of Electrical Engineering, Yanshan University, Qinhuangdao 066004 )
Abstract

Action recognition technology has become a research hotspot in the field of computer vision in recent years. In
this paper, a rule-based action recognition algorithm is proposed based on the skeleton information obtained by the
depth sensor. Firstly, the regular positioning action is set up, and the continuous action is divided into segments,
so that the whole action is divided into short multi-segment action data. Secondly, the depth skeleton information
obtained from different actions in the video is normalized by different methods. Finally, the dynamic time warping
(DTW) algorithm is applied to analyze the segmented action data. On this basis, the most matching action labels
are obtained and action recognition is realized. It can be seen from the experimental results that the method has
considerable accuracy and good practicability in action recognition.

Key words: action recognition, rule, segmentation, dynamic time warping ( DTW) algorithm
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