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A novel sparse video detection method based on IOU estimation

Liu Chang® ™ ™, Wang Pengjun ™" , Zhang Meiling™ , Tian Lin* ™ , Zhou Yiqing" ™ ™, Shi Jinglin* ™ ™
( " Beijing Key Laboratory of Mobile Computing and Pervasive Device, Beijing 100190 )
( ™ Institute of Computing Technology, Chinese Academy of Sciences, Beijing 100190)
(™ University of Chinese Academy of Sciences, Beijing 100049 )
( ™™ Unit 96901 , Beijing 100094 )
Abstract
Recently, the performance of object detection algorithms based on deep learning is continually improved.
However, in video detection applications, the computational resource consumption of object detection algorithms is
more and more huge, which is caused by the processing speed constraint and data size of video. To address this, a
sparse video detection method based on intersection over union (IOU) estimation is proposed. In the proposed
method, object tracking algorithm with much lower computational resource consumption is adaptively activated by
IOU estimation to replace object detection algorithm. Experimental result shows that the proposed method not only
greatly reduces the overall computational resource consumption, but also improves robustness for video detection.
Key words: video detection, object tracking, intersection over union (IOU) estimation, computational re-

source, processing speed
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