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Improved SIFT stereo matching algorithm combining

harris operator and polar constraint

Yang Weijiao, Yang Xianhai
(School of Mechanical Engineering, Shandong University of Technology, Zibo 255049 )
Abstract

Aiming at the problem that scale invariant feature transform (SIFT) algorithm extracts many feature points with
high computational complexity and long time in binocular stereo vision matching process, this paper proposes an im-
proved SIFT stereo matching algorithm combined with Harris operator and epipolar constraint. This algorithm ex-
tracts the left image feature points by the Harris operator instead of the extreme points in the SIFT algorithm, and
introduces the epipolar constraint to define the search range to obtain the right image feature points, thus shortening
the extraction time and increasing the accuracy of the feature points. The experimental results show that the pro-
posed algorithm can achieve better results in the binocular stereo matching process, which effectively improves the
real-time matching and accuracy.
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