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A real-time motivation aware user identification algorithm
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Abstract

User identification is the basis of electronic commerce big data behavior mining. A new algorithm for electronic

commerce user identification is proposed. This algorithm introduces the technology of user behavior motivation per-

ception, and identifies the users by using the rough match and the accurate identification of two phases. User data

is divided by heuristic rules in the stage of rough matching, and the user’ s motivation is analyzed in real time dur-

ing the precise identification phase, and the user is identified according to the dissimilarity matrix of user behav-

iors. Finally, the Spark computing framework is used to deal with large-scale data in distributed scenarios. Experi-

ment results show that the accuracy of the proposed algorithm reaches 97.89% , and it has good identification effi-

ciency.

Key words: user identification, electronic commerce, Spark, user’s intention, distributed computing
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