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A prediction method of clients’ repurchase
based on CNN and LSTM RNN

Shi Haixin ™, Zhu Jianchao™ , Yan Junchi ™ , Cheng Dong™ , Liu Yunfeng "
( "ICkey (Shanghai) Internet and Technology Co. Lid. , Shanghai 201612)

( ™ School of Computer Science and Software Engineering, East China Normal University, Shanghai 200062 )
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Abstract

Each sales representative usually has hundreds of customers. Sales representatives cannot quantitatively predict
which customer will place an order recently, so they often use polling or intuitive methods to decide the list of visit-
ing customers every day. This paper takes the historical visit records of sales representatives as input data, and uses
convolutional neural network (CNN) and recurrent neural network (RNN) to make the model learn the internal
logic of customer repurchase behavior, in order to guide the daily jobs of junior sales representatives’ jobs. Com-
pared with the traditional visit strategy, the new visit strategy of deep learning has achieved good results and increa-
ses the relative success rate of visit by about 120% .

Key words: recurrent neural network (RNN) , long short-term memory (LSTM) network, convolutional neu-

ral network (CNN), deep learning

— 722 —





