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SLIC superpixel segmentation algorithm based on comprehensive

identification information

Chen Yingying”™ , Kang Yan™ , Li Wenfa™ , Hong Chen ™
( " Smart City College, Beijing Union University, Beijing 100101 )
( ™ College of Robotics, Beijing Union University, Beijing 100101 )
Abstract
Simple linear iterative clustering (SLIC) , as the current mainstream clustering-based superpixel segmentation
algorithm, can produce superpixels with regular shapes, but the boundary adhesion is not high. In view of the
above problems, a comprehensive SLIC super pixel segmentation algorithm for identifying information is proposed.
The algorithm first adjusts the initial selection method of seed points, calculates the pixel gradient value, and ex-
pands the selection range of the initial cluster center. Secondly, when measuring the distance, the edge probability
of the pixel is added, and it is added to the distance formula in the way of weight, which reduces the phenomenon
of mis-segmentation of the pixel. The experimental results show that compared with the SLIC algorithm, the method
in this paper has a significant improvement in segmentation quality. At the same time, compared with several other
algorithms , the proposed algorithm can effectively improve the boundary attachment of superpixels, and at the same
time reduce the segmentation error rate of pixels.
Key words: superpixel segmentation, clustering, simple linear iterative clustering ( SLIC) , identification of

information
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