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Research on cable surface defect detection based on

improved Deeplabv3 + network

Chen Liang, Yang Xianzhao, Liu Huikang
(Engineering Research Center for Metallurgical Automation and Measurement Technology of Ministry of Education,
Wuhan University of Science and Technology, Wuhan 430081 )
Abstract

In order to improve the accuracy of cable surface defect detection, an improved image segmentation method of
Deeplabv3 + network is proposed and applied to cable surface defect detection. Based on Deeplabv3 + network
skeleton unchanged, the spatial pyramid structure is changed from 4 dilated convolutions to 8 dilated convolutions
and then 1 x 1 convolution is added. At the same time, a parallel structure is used to reduce the information loss
during the whole network transmission process after decoding and fusion. The improved algorithm is used to train
and test the cable surface defect image data set, and the results show that it is better than the original Deeplabv3 +
analysis in accuracy and mean intersection over union ( MIOU). Compared with edge segmentation, threshold seg-
mentation and other algorithms, the proposed algorithm improves the detection accuracy of cable surface defects.

Key words: surface defects of cable, Deeplabv3 + , dilated convolution, parallel structure, accuracy
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