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AR RERERIARAZROBIERE BRFRT, AXETEEFITERE
ABRBERERMEMT &, AREERTOIHNRARHN D SER BHTERE
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BAL BRI 4R
Kol

W (5 S AL 22, 1R B R G Y S At 1 2L
FRKE RS T A RS, th THAE 5744
P PR (VAN e AL ) ek | AT AR 4
PECHDP BOE SN REIE W 1247 RIRE ST (kb
LRI S okl sz 2y L, H™= A r |
% & b s W1 DN B R Y LD 5 e i N 2
3o RN TBERY H 45 BB, BlAnpLaR i > B RLAT (il
PRI (1 H S A I S H AR AR AR Al AT, Ak
R MER AR A BN R BE B 55

ARSI 2 TTERR AR A (1) Bx R K ds
V-5 HS AR AR L, 52— o 14 S8 i o At
e AT A B Db 4T — RSV B, B3 12T
A [ U5 MBS o T B R AS H A S A AL Ak T

O EHFEARBEIES (61672490,61602436) FEBHIH ,
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KEHEVEHE, (2) BFXF RAEA H A& S K I &k
RN 3 i T D)k 3 1) A Ak BRI B ] 1
B ) B S S R R Y I R AR A, O
R E S8 R AU R A I b X I AT T2
KOG, SR Yk I 7 2k R A R REAS a8 B AL 1T
MIREMZE R . (3) LIRS e, A SCR A YR Ty
EAEA IR KGR F1 A7 T 2 B 4528
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K53 AR B 34, LN TP Y AR BB R
ZH IR H AU N R R T B e~
Lighari Fl Hussain''' $2& 1 T —Fl B F7E LR H 25 1
Hriv# 7772 LPV (log parser based on vectorization ) ,
AR H ST A, LPV BRI PERE
HI k2ol HAS AR B A S ) o 3 5 o) 2t 22 1)
AR R B R 2 H AR AR R Z ) AR BLRE R ) Jd i
] 5 A SR 20 H AR BEAT B 2E IR R A 1
PECH BB, 7EZ HAEFT A H SRR T —
BeSP-Hy ) XAEAE A B H AR TH B AR H SRR
(] AR AR o R L3l gk P o 22 [ B e Al
i,

Ren %5 N\ T —Fh £ B JE Ab B 2% ( graph
processing unit, GPU) - HIAURF 1 )2 U0 5 | 2544 1
SEMA R R S R IR AT J7 1% 207 LKE (log
key extraction ) AJ LAy /b 4b R RS H 3k T 7 1) If
], SEgn M, FIA GPU THE A Jh i FE B9 1) LKE
fifE AT e 75 HDFS ala 82 FIi (s B 28 R
o IRCR AR . SCR[3-5 T BT T — RSN H
RSB R, o SCHR [ 4] 42 ) ) TPLoM (iterative
partitioning log mining) 77 VA {145 5% H 2K 5% 46 il i7) %f
ARG T BA A SR i B AT R 2 R &
RN T A8 & 2R AR A9 B, X B — 2R AT
PRI, 2 AR % H ks B, Ning 45 A
A5
W H ST RS, B RHERERIERMHE &
Wetls A5 B T 20K 5] RIS EH N B —Fh H
AERZRANIEAT FARTE F AL B R A 23 1A AL B, 44
A A TR] A B R K, 7 3 o R A T 1 R AT 3R
J&, pEmITR R H AR
112 ST Ay H S b

BT A ARy H SRR O A R AR H SR
A% AR BB H S B AR A H ER R kX
ST RBUEAT . Du A1 LY 42 Y Spell (a struc-
tured streaming parser for event logs using an longest
common subsequence ) 75 ¥ & & T A 2L B K A
e HIVE R A AR SR I H AR, itk T H K
B B PR R, SEER 25 SRR %07 ik A
Z TR B AR AN L, TR A A RCR EEA B
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$£ 1Y) HLAer ( heterogeneous log analyzer) J&—

FF, He %5 A" 2 H 59 Drain (a fixed depth tree
based online log parsing) 777542 LAY 09 TAE 720, 16
U B S Al _E Xk AR [ 26 A0 A5 ST O U 3R gk
2, %A H AL B, AR H AR H AR,
I H R EAE AR SR — 29 5, xR
—ARJEA H K e UL B AR e D o — )2
$ BN o A R o 2, R LA B H AR S —
AR I 45 A0 B 55 )2 DL B Ay i
T R SRR AL A SR H SRS
Bk GUR I TR H RS E 0 H SR A AH
LR, A H RN o e e SRR 1 R /N, 0 7 T i 73
A,
1.2 BERERNEZE

R A2 T e R ST AR Sd i
WNZRA5 22 55 ok B, 12 pRBCRT LATH SR 1) R BT A5 IR
PINE TRz S RS D N E VN E LT o B i =7 N 5|
AN T2 58 [F T AT 50 R 28R T e i Ak
b A MR R Rk B D0 (CAnBR R TR R A
b R R S E N BEALRS BE T R ) KOOf AT e sk
B, Farshchi %A\ SR T 0109 i 73 4 B AR R A
FRARNEE 3 H S SRS Shd = B IR A2 M0 2 1] Y
AASENE, SR JE R A ST T3t P BRI, 2
ML AT T XHa 17 BB R BT B2 i A 7
BT BAIE, TESCH I A T BEHLERE 25 A
R R AL AR R A T B R, R T 2 B
FHARAE BEA T S 4G

PR (decision tree) F T B 40035k 1) 4328
FE, 2 — Mgt A7 B Bl 2 ] T-Bt. Rochmawati
SNV T PARCAE R OHE 4 LT 048 and Hoef-
fding Tree P& 5 XFAE AR FEAT 43 2, I HUAS 5 4 245
. Gavankar Fll Sawarkar'""' $2& 1 T —Fh 7 10 Bk
Eage PSRRI 55 AV 2RI A8 3 — 4> 5 — A0 T30
BB AR I8 T R o R MR A BT A
AJRETE, EAR B AR IR T DRSS I 41 R
P A JE A AL ER ) B, Sahu 28 B T — Rl
AR R A AR A SRS, LA 73 ek VR SR Al o3
B, H5REZEF LML AR il (support vec-
tor machines, SVM) 732880 L, %0 2 A 85 1)
OYFNERE AT . Erfani S5 002 42T



H PG T TR (] U M 2 ST B R AR A S i AL £ 7 7

— PR AR H TG B B TR BE A 45 (deep be-
lief networks, DBNs) 4 B F B9 FL Al R , S8 5 M
DBNs =] FURFHE Pl 25 —28 SVM, IR G RIEIA 2
AU AR, BB WP M. Lin AU B0
T LogCluster 5 & 75 2 F R U 1E & & 4 ) 8,
Azevedo %5 N\l PR BTG IN TLR R G0 1) 5+
o Wurzenberger 8 NV 51 AT H &£ 4 2 R
M B S A T H AR AR IR 3
FHPERGE S AET H RSB R A 7E 2 S5 A6 ik 2k
D7 FEBAE T RAl . Rehman 25 A58 1 %6 32 5043
M7 ( principal component analysis, PCA) Ffi i PCA .
¥ PCA Fs i PCA S5 [A) R Ak £ RO 25 14 RE Y 1T
Wy, FHEACH R ARSI, XS RE 5L a7
SIREARVAAZS & B 1 AT ARG R X B
FR 22 BHR 4317, PPAN T X BB 25 5 AL 1Y
PERE, SRR AE R R, % T oA ik S 4
U A BUARSS &, B S 803 o0 B vk 5 e
ANZE DL ( Gaussian naive Bayes, GNB) #& 7 A 4%
G, ATERTS 91. 11% BRI R MERG %

2 B AT RS

2.1 REERREE

ALV T2 R ] 3 W 2 ) W RAEAS H AR
S RIILA T REEG AR AT

(1) %F H Al I E I Rk 06k B A H AR 17 i
B A5 38— R H SRR

(2) XA H AR BAR i 2k 44 (One-Hot) 4
AT Wi, - HAEAE B, o U — A3

(3) ¥ A I iy H 35 DAL BlockID Sy S 7 i
1172 AHIF Y BlockID 24 AL H 751, A H H
AR H AR E S AT ) s A AL 3 A5 B — A o8 A
A ] 2

(4) B HBCAS 4 1] B R AT A HE AR A B 1732 % 0]
IHBAS AT ISR I AL, AR RE A T4
A 1) 2 ) — S By, (eI s SR AT o A A B LA
HAF Rz kR

(5) X525 B 45 1 A5 24 ) 308 0 A A
DARTINAS IR 7

RGELMWE 1 PR,

iw&m& i i MR B i
1
| | | |
I YIZHE R & | || WA |
i . AN EESEITEIT i T l
I
' | [FEaE] | ) !
| | |
. A& v K BRI [ Redrss
: < ? FEE] | il
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g > 2 | s | | #ERE® |
| e ’ lm it | | ! pn 1
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| a o |
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| | I

E1 ETEBEEFAEEFINAEABERERNRE

2.2 HEMR
2.2.1 JFURHE

£ Amazon EC2 -4 FiY 203 1 S ERRIEER)
HRER 4R 7% HDFS 848 & T R 7 i L&

e H R & Amazon A FFEAEFEIHEE H Al B
A —E WA, PR R B A 5w R ) g5 ik
BRI S hniE . % H EEdE4E HDFS 538.7 h
B 11175 629 25 5hA H AR Iid 5%, K/NR1.6 GB, A1
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MG B 575 061 A, Hovb 538 4 B 16 838
A, HDFS H&ENBA TAEBHAT /T ELME—RY ID =,
DLARANER 1D J 43 R — A i B 11, 434 i — il e
1D 4 H &R 58— H &P %7 56— R 51
Pt il oy ie 5 S MRS
2.2.2  HERHE

(1) HBkg=h H W + B8] + a5 + A&
059 (INFO F1 WARN) + BUdlE /e + HAK(EH,
BSR4 081110 123628 11303 INFO dfs. DataN-
ode $ PacketResponder:
88601410 04676523018 of size 67108864 from /10.
250. 13.240,,

(2) B4 H B # A B0 5 1, 0 blk

8860141004676523018 ,

(3) ALl e H B R m b A 2 S H &
3418 M EHE B

(4) B B ia) ) = BGE T o0 A iR HAS
i, H AR AR G B R AR S R RS- R i 235 T 1S
GE SCAIZPRBARNT H S HE TR BRCR . BT
i H AR AR A

(5) HAIC SRR TE RS I AR5 55, (H 2 5 B X
HBHCZ MR F Y 1B RO R FIE UG R

(6) HETIRFEERZ 72 H &R H A
DA CRE A AR AN R 5 1 SO A9 8 LI
[) F 35 R BN R AE R R

(7) FATRIIR Y H 2 A AR [l B 2548, AN [R5 Y
H B A A R A58, RZE00A 1 B S8 R 2k
AR E A T H ARSI — R

(8) H&iA A B 5 Ay B e R AE , B 25040 P
(R ARZE TR R = BE R AL A, Ao () 38 3 A 4080 &
A= B R AR T AR S, R WA 8 T i 45/
B RBf A R E AL s FE bR o e RS HE IR .
2.2.3 Hikwikb

(1) H &b

H 3 A B 5 1 R J5 2 B i A 55 1 5 —
o SR UNGRAIL A 27 2T 15510 11 00 22 5080 T b 320 B
SO H AT B AE T R G50 1Ak AT LUA S48
R LUE A ORI T A H RS R
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Received block blk

O VE a0 R Y B RS ST MR Kk
B, — S bR 10 AR R AR LURCT TP sk | i
7 RN B, s X R P TR
RS BE S HEE RIS A TR R
RIS XA ISR SR B PR A 5 A,
A DU RN E SR D7 ik AT RO, PR e
SR 2RI 2 3K A A iR X 4 i R ) it A o T
Rk sepric S B 2ok Fom . X — B RZ G,
TR N R AR IS E B, TR R H AR R
L H AT H R AS YAl 33 52 CRR (S 2L AR
73, HETFR Y H I A K H RSSO0 ARSI, H
XF A% H AR BE B, AR U B U 3Rk Ok it
Tt

Sk DA% H RO SR R A S B (R
RHET B TR B A1) DB LA b 44 385 1 U g
AVRRRETE R, TR AR SCEE Y B SR H
IFI] 2 500 B B2 M B, TP Mk | 3 115 | B KNS
B BpRic s i DL s AU, Rl .

dfs. DataNode $ DataXceiver: Receiving block
# src; * dest; *

(2) H SRR

SEHCH AR BUR AL PR R G H S AR
Ttk HXPETAT H S HEAT AL 2], 5 2 — A S A ]
ZHUE B B & P T 2 E AL R A A
HRSE A H A, HA AR R A R RS AY H S

LK SRR D HSAREAR, X SRR T LAZE B
BRI H &,

S AR 2B H AR AT KT
fE AT AR SR E T H A, SRR S 2R B R
FrEmEAR R, F RS IR H RGBT A H R,

PR FIZ SR I 0 225k 20, eV $2 B
HH ARG, BT 8h R EARHTE 0 H A5 H A
BE (ANFE T R BRI TG K 2X) M ER R,
FERXEARE 2210 H R 254 v J&— A HU R AR 11 32
EE

B AN 1 ~ B3 R,

FHIE N ek =0 B AT $2 B H AR, 75 3] — A
JEFE M H B, g 1 s,
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BE1T HIEN X

i A\ :HDFS

fith :HDFS _
read log file
while 1.

A H by AE

1. log
REP. log

read all lines
if no lines:
break
for every line:
for i in range(3) :

delete digits in front of line

®1 FHEEBEEER

L (B
ik

Hdhirrte

BLOCK * NameSystem. allocateBlock: #*. blk
B

BLOCK * NameSystem. addStoredBlock : block-
Map updated: * is added to blk _
BLOCK #* ask * to replicateblk _
ode(s) *

BLOCK * NameSystem. delete: blk
ed to invalidSet of *

* size *

* to datan-

# is add-

dfs. FSNa BLOCK #* ask #* to replicateblk _* to datan-
delete backspace
mesystem ode(s) * *
delete level of message(uppercase) BLOCK # NameSystem. addStoredBlock:
delete backspace addStoredBlock request received for blk  * on
convert line into array with backspace split % size * But it does not belong to any file.
for i in range(length of array) : BLOCK #* NameSystem. addStoredBlock: Re-
if ~chars including digits or blockID dundant addStoredBlock request received for
replace with” * ' blk * on * size *
convert array into string BLOCK #* Removing blockblk _ * from neede-
write string into log file dReplications as it does not belong to any file.
Receiving block * src: * dest: *
VYR WK H R s kAT Received blockblk  * src: /ip: * dest: / *
i A HDFS _ REP. log ofsizex .
K HDFS  null. . log(with null line) * . Got exception while servingblk * to /ip:
* Served blockblk _* to /ip
open log file and new a log file writeBlockblk _ * received exception java. io.
for text infr. readlines( ) : [0Exception: Could not read from stream
if line: writeBlockblk — * received exception java. io.
write line into new log file IOException: Block blk * is valid, and can-
not be written to.
W3 EREELT writeBlockblk _ #* received exception java. net.
i A HDFS  null. log SocketTimeoutException
dfs. Data writeBlockblk — * received exception java. io.
Hi i :HDFS  unique. . log( with unique line) . )
Node $Data  IOException: Connection reset by peer
open log file and new a log file Xceiver writeBlockblk _ * received exception java. io.

read log file
for line in file.
delete enter char
if line not in new log file:

write line into new log file

2.3 AR
2.3.1 HEm =L
kL 54 2 H B —A 54 MTH I R KR
@%@ﬁ,%ﬁ%%ﬁ%@ﬁa« &, HBA R R P i
A ERIE R, BV A ml A0 By T A5
H &2 E Ay,

EOFException
writeBlockblk
channels. ClosedBylnterruptException

* received exception java. nio.

writeBlock # received exception java. io. Inter-
ruptedlOException ; Interruped while waiting for
10 on channel java. nio. channels. SocketChan-
nel[ connected * * * millis timeout left.

writeBlock * received exception java. net.

SocketTimeoutException;:  *  millis  timeout
while waiting for channel to be ready for read.
ch ; java. nio. channels. SocketChannel [ con-

nected * *
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writeBlock * received exception java. net.

SocketTimeoutException; *  millis timeout
while waiting for channel to be ready for write.
ch : java. nio. channels. SocketChannel [ con-
nected * *

writeBlockblk _ #* received exception java. net.
NoRouteToHostException: No route to host
writeBlockblk  * received exception java. io.
[OException; Broken pipe

writeBlockblk _ * received exception java. io.

IOException: Interrupted receiveBlock

Received blockblk _* of size * from /ip
PacketResponderblk ~ * 2 Exception java. io.
EOFException
PacketResponder # * Exception java. net.

SocketTimeoutException;  *  millis  timeout
while waiting for channel to be ready for read.
ch : java. nio. channels. SocketChannel [ con-
nected * *

PacketResponder * #* Exception java. io. Inter-
ruptedlOException ; Interruped while waiting for
IO on channel java. nio. channels. SocketChan-
nel[ connected * #* s millis timeout left.

PacketResponderblk  # 1 Exception java. io.

dfs. DataBl ~ Adding an already existing blockblk _ =
ockScanner  Verification succeeded forblk
dfs. Pendin-
gReplication
Blocks $ PendingReplicationMonitor timed out block blk
Pendin- *
gReplica-
tionMonitor
Exception inreceiveBlock for block blk  * ja-
va. io. EOFException
# ; Exception writing blockblk _ #* to mirror *
Exception inreceiveBlock for block * java. io.
InterruptedlOException; Interruped while wait-
ing for 10 on channel java. nio. channels. Sock-
etChannel [ connected * * * millis timeout
left.
dfs. DataNode $ BlockReceiver; Exception in
receiveBlock for block * java. net. Socket-
dfs. Data . ) T )
TimeoutException: * millis timeout while
Node $ . .
waiting for channel to be ready for write. ch
BlockRe- . .
. java. nio. channels. SocketChannel [ connected
ceiver

* %

Exception inreceiveBlock for block blk  * ja-
va. nio. channels. ClosedBylnterruptException
Exception inreceiveBlock for block blk _ * ja-
va. io. [OException: Broken pipe

Receiving empty packet for block *

Changing block file offset of block * from * to
* meta file offset to *

Exception in receiveBlock for block blk _ * ja-

va. io. I0Exception; Connection reset by peer

Bk 4

H & m A5

dfs.  DataN-
[0Exception: The stream is closed
ode $Packet o )
PacketResponderblk _ * 2 Exception java. nio.
Responder .
channels. ClosedBylnterruptException
PacketResponderblk ~ * 0 Exception java. io.
IOException: Connection reset by peer
PacketResponderblk _ * 1 Exception java. io.
InterruptedlOException : Interruped while wait-
ing for 10 on channel java. nio. channels. Sock-
etChannel [ closed |. 59 990 millis timeout left.
PacketResponderblk ~ # 2 Exception java. io.
[OException: Broken pipe
PacketResponder * for block blk _ * termina-
ting
PacketResponder * for block blk  * Inter-
rupted.
dfs. Data * Starting thread to transfer blockblk _* to *, *
Node * Starting thread to transfer blockblk * to =
dfs. Data # ;Failed to transferblk * to * got java. io.
Node $ [OException: Connection reset by peer
DataTransfer * ;Transmitted blockblk * to / *
Unexpected error trying to delete blockblk .
BlocklInfo not found in volumeMap.
dfs. FSData- . .
Deleting blockblk _ * file /mnt/hadoop/dfs/
set

data/current/ * /blk
Reopen Blockblk

i :HDFS _unique. log
B Array (54 #2)

set a unit matrix(54 dimensions )

set an array of 54 *2 dimensions

for k in range(54) :

assign row vector of the unit matrix to

1st column of 54 * 2

open log formwork file

While 1.

read log formwork file

If non-line:

break

for line in lines:

delete ‘\n’ in line

Add line to 2nd column of the array (54 *2)
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A H EHREAR S — Aﬁhﬁiﬁ/ﬁi——ﬁf i3] for k in range(len(arrs) ) .
KR ,H%{imgﬁwjﬂfﬁc FrFLLH ,D\Zl‘ﬁ]ﬂﬁﬁéﬂﬁ’ delete ’ \n’ in sirings in arrays
IR H E[EJO write array into strings

for I in range(54) .

ARAH B SCAF R H AR e A SRR A i) o

if line in feature vector:

Add feature vector to 2nd column inarray

A BB A (575061 %2)

i Array (54 % 2)

ﬁ‘ﬁ.‘:l:'; .feature __vector. csv

BT BB A
B ; Array (575061 #2)
i :blockID _ VECTORS. csv

Open feature vector file

write array (54 *2) into feature vector file

create block vectors file with csv formt.

2.3.2  FEARFHER FEAL write arrays (575061 *2) into csv file
Sk A H R S [F Y BlockID A1 —
A log SCIE (AIEATIZ AT ) , AH IR BlockID JITHCA
AARIROSCOE T ARG FHRAE BRSO BRI PP B -
Ao MR LRy BT A AT H RS 6 Pk B block 1O AR B St 17 9 A~
HEH A BUR T B B e, SRt P FB IR IFM pocian ysgish e it ot BUBCHR + b, B LS —
JNTFi% BlockID fy [l i, Qb A& B4, FL 3 H AR 52 b
# R EIRIR RN B BlockID SRR SRS 8 B,
B A 6 FEL T iR,

FHENEEAS BlockID S5 H 2y 51 AH X LAY i) 2
T, LR AE R 5 AR S B FH I BR R AS

L8 HIERR AL B .

By 6 AR block B #i A :blockID _ VECTORS. csv
i A :blockID. log( 575 061 log files) fith ;blockID _ VECTORS _ labels. csv
i ; Array (575 061 *2) write blockID’ s vectors into pandas array
create array with 575 061 * 2 dimensions add one column into pandas array
read the names of files in log folders divided byblockID write values into st list(listl)
for i in range(575 061) ; write label file into 2nd list(list2)
write names into 1st column in array (575 061 *2) Create a csv file
for i in range(575061) : for i in range(575061) :
open log files divided byblockID for j in range(575061) :
While 1. if blockID equals for list2 in listl .
read line in log file Write vector divided by backspace into an array
If non-line : Add label value in list2 into last column in listl
break Write listl into a new csv file if string in-
for line in lines: cluding digites:
for i in range(3) . replace string with " ~
delete digits in front of log for k in range(len(arrs) ) :
delete backspace delete ’\n’ in strings in arrays
delete level info( UPPERCASE) write array into strings
delete backspace for 1 in range(54) .
write logs into arrays if line in feature vector:
for j in range(len(arrs) ) : Add feature vector to 2nd column in array
if  string includingdigites ; (575061 *2)

replace string with " ~

— 795 —



EHAREIN 2022 428 H #3245 581

(G B €T L R 3 L N = S ER N 52
AFEAAE S R bR 28, R iSO AT VR e
S W2 S BRI B ABARREAS
2.4 BEW®RN
2.4.1 FEAREEE

AR YR YN L5 42 B 28 B 1) L A7) 358 36 1) 5 0 I e
A,

YIZRFEA 575 061 x75% =431 300,

MEAFEA 575 061 x25% =143 761,

2.4.2 BARAEFREIAR

(1) Bdibr i A Ab 3

WA A U AR (1 7 2250 K, & 5 H A bR
FON TS S TT 25 J0 1% 1 1 2 > AL RRAE,
DL BB R R LA AR IR A A PN
b — TR TR RURS B | Rl 10— A (A [] 4
FERRRIEAE S b o L LM | 2 i 40 S AR R
PE ;I3 — SRR TR S B, W AR AR A s 1
— AR BT A R T T2 T G T i S 3
A

LA FH T B il D IE 2550 A0 (4 508 | BT LA
AR YRAH FH AR I 25 B M A0 B0 ) ) i EA T TUAL 3,
KB TT 200—A4k, HE X R — AR RE | i
ATEEE XA, BRIEAR R 40 E 3 7 25 TR S5
FASG, BN SRR L T DTk

(2) B4 1 ) Ak Ak 2

R BB P 2 5 IE  AT R EZR
PERR AT 028 . IR 2T R AR
oGRS ER I E N LI RETE
—ERE LR A R, WA(1) ~ (6),

Z = Wx, W, £+ W, (1)
w = wl +w2"”’wn (2)
EVEREV@
1
y = o (3)
1 +e

BedE 12 IEMAE T EmS A R

.1
L, = min —w'w
w,c

2
n T

+ CZlog(exp(—yi(Xiw +c)) +1)
i=1

(4)
— 796 —

PERE L1 IEWIAL 7 bt AN R
L = min [ w ], +C X log(exp( -y, (Xw+¢)) +1)
(5)

P 24 BT (0 R

1 -p =+
SEwwplwll,

L = min

+ CZlog(exp( —yi(XiTw +¢)) +1)
o1

(6)

) p 2 L1 5 12 BsR B, C (RN IETHA.,

B2 BAR y, FEMRE N 8 TAHEAL - 1,17, 7
PUR B 25 pRBE p = 1 IS L1 IEMIE AR f
T p =0 K5 12 LS

C EEXTE R PO A& S E . C MK, 432
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Large sample log anomaly detection optimization method

based on logistic regression supervised learning
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Abstract

The traditional anomaly detection method based on log relies on manual analysis, which is suitable for the sys-
tem with small amount of data, but for the complex and large log system, its detection efficiency is often very low
and unsuitable. With the development of machine learning, fundamental changes have taken place in detection
methods, and detection efficiency and performance have also been greatly improved. For the same log system, there
is no unified mature model for different log preprocessing methods and machine learning algorithms, especially for
the extraction of log templates and features, which leads to relatively different detection accuracy, performance and
other indicators. Based on supervised learning method, a large sample logging anomaly detection method is put for-
ward, the accurate data set is obtained after log parse template, then the vectorization of logging sequence is pro-
cessed, logistic regression supervise learning algorithms are used to classify training and testing, different test inde-
xes are combined to select the best parameters, finally the optimal model is obtained. Experimental results show
that the model obtained by this method can achieve better detection results.

Key words: supervised learning, large sample, log processing, anomaly detection
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