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Abstract

The network parameters of the Siamese network tracking algorithm are fixed during the tracking process, and

the tracking template is only from the first frame, which make the robustness of algorithm poor. Therefore, a Sia-

mese network tracking algorithm based on parameter adaptive ( PA) and template updating is proposed. Firstly, the

target feature is adjusted by channel attention and spatial attention to improve the attention of network to tracking

target; secondly, the filter parameter update strategy is used to filter out the interference of background, which

leads to identify the current target; finally, a subnetwork parallel to the main network is added, and the network

can adapt to the change of the target by updating the tracking template. The expected average overlap (EAO) rea-
ches 0.455 and 0. 331 respectively on the VOT2018 and VOT2019 benchmarks, which verifies the effectiveness of
the algorithm.

nism

Key words: object tracking, Siamese network , template updating, parameter adaptive (PA) , attention mecha-
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