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Multi-stream convolutional neural network for
offline Chinese writer identification

MAO Yingyu ™ , ZHANG Yilong™, WANG Haixia "
( " College of Computer Science and Technology, Zhejiang University of Technology, Hangzhou 310023 )
(™ College of Information Engineering, Zhejiang University of Technology, Hangzhou 310023)
Abstract

Aiming at the extraction and fusion of local and global features in Chinese handwriting identification, this pa-
per proposes a multi-stream convolutional neural network based offline Chinese writer identification method. The
network has three tributary structures, one of which extracts global features from the entire image while the other two
perform feature extraction on image segments cut horizontally and vertically from the original image, respectively.
Multi-scale fusion is then performed on the extracted features. This paper uses top-1 and top-5 accuracy rates for
performance evaluation and carries out the comparative analysis based on accuracy rate of each author. The experi-
mental results show that the proposed method can not only integrate local and global features, but also broaden the
source of the network to obtain detailed features, consequently improving the network performance.

Key words: handwriting identification, feature extraction, pattern recognition
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