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Challenges of Knowledge Computing in Big Data
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Abstract: Knowledge computing is an important research area in artificial intelligence. It includes knowledge
representation, management, acquring and utilization. In this paper, we investigate the new challenges and
opportuinities of knowledge computing research in big data era. We discusse the problems of the representation
acquring and utilization of knowledge in big data and propose that openness, consistence, completeness and

context should be investigated in conducting knowledge computing in big data.
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