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The growing scientific and technical intelligence object data presented the characteristics of
massive, multi-sourced and heterogeneous. For the above characteristics, knowledge graph can deeply
analyze the scientific and technical intelligence and realize the perception, portrayal and merging of
scientific and technical intelligence objects. Relation extraction of scientific and technical intelligence object
is the key step in the construction of knowledge map. This paper proposes a relation extraction technology
based on the long short-term memory and convolutional neural network deep machine learning. The
results of experiment indicate that the new method obtain better performances compared with other neural
networks extracted from relation including the accuracy, recall rate and F value. This new technology can
help to enhance the portrayal and integration of science and technology intelligence objects.

Keywords: Relation extraction; scientific and technical intelligence; long short-term memory; convolutional
neural network
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