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THE RECOMMENDATION APPROACH BASED ON TERM EXTRACTION
AND GRADUATION MATCHING
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Text recommendation is an important technology in the field of Natural Language Processing.
In order to recommend the project guidelines to the researcher, this paper uses terminology to represent
the text features and gives the recommendation based on the graduation matching. The rule of part of
speech and syntactic information are used for term extraction and the candidate terms are filtered by
statistical methods, such as C-value, SCP (Symmetrical Conditional Probability) and so on, so as to
improve the extraction quality. The graduation based matching between the guidelines and researchers’

terminology is used to measure the similarity, and then to achieve the personalized recommendation. The
experiments are implemented on the 42 project guidelines published by the public service platform in 2017.
The results show that the C-value+SCP based method achieves better term extraction quality and the

personalized recommendation precision is up to 80%.
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