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Abstract: Although recent related reviews focused on general knowledge, they were unaware of the importance
of weakly supervised relation extraction. So, on the basis of science and technology information domain, this
work analyzed the logical relations among semi-supervised, distant supervised and unsupervised methods
by reviewing, and the resulting advantages and disadvantages were summarized. It’s believed that weakly
supervised learning could partially solve the scarcity of labeled data. Especially for specific technology
information applications, integrated weakly supervised methods may make giant improvement. But in the near
future, the main challenge for weakly supervised relation extraction is still the problem of precision.
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