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Enterprise Financial Risk Forecasting Method Based on Unbalanced Samples
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Abstract: Among the many risks faced by enterprises, corporate financial risks bear the brunt. In the context
of big data, serious data imbalance has become a chasm in front of the analysis of corporate financial risks.
Aiming at the problem of sample imbalance in competitive intelligence analysis of enterprises, this paper takes
credit risk prediction of financial enterprises as the breakthrough point, and puts forward an enterprise risk
identification method for unbalanced samples. This method adopts a variety of intelligent analysis methods in
the field of artificial intelligence analysis, such as feature selection, unbalanced sample balance processing and
ensemble learning, to provide solutions to the problem of enterprise risk identification in enterprise competitive
intelligence under the environment of big data.
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