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45 0L EUULRI AT A e MR KA 2 a8 H .

T DOBAE T 1] BV 55 7 T 5 S5 A A i %
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Bl BRILAHE 58 228 4 6 S5 it 7¢, R FHLLMA] 42
A AN R T 0 B SCAS, A6 20 58 1 SR8 B
Xf AH AR S B OCAZE R BN 5 X 3 BBk iR, AR 52
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HelR SRR 7 MG SE SR A Bn SR L 9 1 1R 7
AR I ZR AN 2 MK, FERRZ A6 I FRd it —
AARIR I Sy IR AR AN IRAESE , ABEAT LRSI 25 A0
HSHORI . F 2RI, AT I BRI ZR A0
B UEAAENIZRER AEGHE S b BEAT. MK 46 4 PR 15 3L
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32 SHTASSREE

ASTIF I S 06 PR 5560, 5 B PR B AN AR IR B . B
PEIREE J5 0, #AE R4 A Ubuntu 20.04, R IE S A
Python 3.9, %% ¥ T H N Anaconda, IR 2% 2IHE
22 RPyTorch 2.1.2, GPUMIE A/ HCUDA 11.8. fiff
3RS 5T, 92U RS 28 AL & T 55134 Intel Core i9-
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RERIE AL FEZE (GPU) 1128 GBIz TINFF. NVIDIA
H20 GPUR] L FHR A FEE ISR (FP16) , ARG TH 7l
SRR IFIRAC T BAFHAE

SR B 7, K FHLLMA: BB A ] v R 1
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MLF-BERT. RoBERTa-wwm-ext-largeflChinese-
MacBERT-large, F T b 32 i I 20455 Y 7 w] 52 4
H B BALS R IR 5 =2 NLLM-CLEER, {35
PlQwen2.5. DeepSeek-V3.2 FIGLM-51F My A il 5 i
ILLM-CL¥™ R AR B . 1% S A5 B35 5K Fl A 2 42 th 1
“LLMHXF 22 2] 7 HEAL, X ANAE T4 b B i i
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Abstract: Text readability greatly affects users’ information understanding, absorption, and use. To address the problems of confusion between adjacent

readability levels and insufficient high-quality labeled data in Chinese text readability grading, this paper proposes an automatic readability grading method
based on large language models and contrastive learning. First, a large language model is used to generate contrastive samples with clear readability gradients to

expand the training data. Then, BERT is employed to extract deep semantic features, and contrastive learning is introduced to optimize level boundaries in the
feature space, thereby improving the model’s ability to distinguish adjacent levels. The experimental results demonstrate that the accuracy (0.880) and F1-score
(0.881) of the proposed model outperform all baseline models, suggesting that this method can effectively enhance the performance of automatic readability
level classification for Chinese texts, particularly showing a clear advantage in discriminating adjacent-level texts.

Keywords: Large Language Model; Contrastive Learning; Readability; Text Information; Automatic Classification
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