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Realization of dynamic V-SLAM mapping thread
based on semantic segmentation

Huang Weihua®™ ™ |, Zhang Zeyu™ , Zhang Zheng ™
( * Department of Mechanical and Electrical Engineering, Wuhan City College, Wuhan 430083)
( ™ College of Information Science and Engineering, Wuhan University of Science & Technology, Wuhan 430081 )
Abstract

In order to solve the problems of redundant information and ghosting in map construction of traditional VSLAM
in dynamic environments, a dynamic VSLAM mapping thread method based on DeepLabV3 + is designed and ap-
plied on ORB-SLAM3 architecture. Firstly, Key mapping frames are semantically segmented with a lightweight
DeepLabV3 + network to exclude dynamic regions. Secondly, the pose data after eliminating dynamic features is
integrated with deep learning information, and then the point cloud map and octree map with semantic information
are generated. Finally, the experimental results demonstrate that the maps constructed by the improved mapping
method are with less redundant information and fewer ghosts which decrease the map space occupancy.

Key words:; visual simultaneous localization and mapping, semantic segmentation, DeeplLabV3 + network,

dynamic environment
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