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Abstract: [Objective/Significance] This paper aims to propose an intelligent orchestration method for Grid Maintenance Plan
that integrates large language models with knowledge graph technology to enhance the efficiency and quality of maintenance plan
scheduling. [Methods/Processes] The research methodology involves using large language models to process natural language
queries, combined with intelligent orchestration algorithms and graph database technology. This approach extracts data related
to maintenance plans and summarizes orchestration rules from numerous patents of the power grid company to construct a large-
scale question-answering dataset for training and validation. By introducing knowledge graph technology, this method constructs

a maintenance plan knowledge graph based on historical maintenance ticket records, enabling more effective representation
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and reasoning of entity relationships within the maintenance plan, thereby improving the performance of entity recognition and

intelligent orchestration tasks. [Results/Conclusions] The main research findings indicate that compared to existing technologies,

the proposed method performs better in entity recognition and intelligent orchestration tasks, with higher accuracy, and

significantly reduces the investment of human labor costs, providing an effective solution for the intelligent orchestration of grid

maintenance plans.
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