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Abstract: [Objective/Significance] In order to explore the dissonance mechanism of doctor-patient relationship behind patient
review data in online health communities and build a doctor-patient trust repair mechanism, a collaborative research framework
based on topic recognition and sentiment analysis of patient comments in online health communities is proposed. [Methods/
Processes] Firstly, the ITFLDA model that optimizes the LDA model using inverse topic frequency is constructed to mine the
initial topic feature words, and then the positive point mutual information between the initial topic words is introduced to re-

establish the feature word screening rules and achieved the topic classification of patient comments. Finally, based on the results
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of topic classification, a sentiment analysis model integrating the dual attention mechanism of topic and sentiment with ALBERT-
BiGRU is designed to focus on the fine-grained sentiment discrimination features, completing the optimization of sentiment
classification under topic orientation. [Results/Conclusions] Through empirical research on the patient comments of “39 Health
Network” platform, extract the thematic dimensions that patients focus on in the process of treatment: treatment effect, medical
skill and medical ethics, and attitude towards diagnosis and treatment. The core contradictions between doctors and patients that
cause negative emotions in patients under each thematic dimension are deeply explored. On this basis, targeted improvement
strategies are proposed to provide an operational path for the governance of the digital medical ecosystem.
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