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Design and Implementation of the Seismic Waveform Data Management System

GUO Kai, PENG Keyin, LEI Lei
(China Earthquake Networks Center, Beijing 100045)

Abstract: In order to solve the performance bottleneck of seismic waveform data of the growing mass in the
storage and management , based on the seismic business requirements, use the distributed file system of HDFS and
distributed computing structure of Spark which based on the Hadoop big data technology to realize data storage
and computation, and development of the seismic waveform data storage and management system based on Web,
the realization of visualization management with massive seismic waveform data and query for data run rate.
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