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Abstract: The selection of review experts is a key step in technical reviews. Given the requirements for
timeliness and intelligence of the predictive platform for disruptive technology experts, expert selection has
a decisive impact on the prediction results. By matching academic expertise and conducting professional
selection to select experts who meet the requirements, costs can be reduced while improving recommendation

efficiency and accuracy, thus completing the prediction task of disruptive technologies. Based on academic
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network representation can not only avoid a lot of feature engineering, but also facilitate the fusion of different
types of features. This paper proposes to build an expert database and use a matching method integrating the
characteristics of experts’ comprehensive evaluation indicators to match the predicted subversive technology
and expert expertise on the basis of heterogeneous network representation learning methods and precise
profiling methods of academic expertise in label ordering, so as to provide a list of candidate experts related
to professional background for expert selection. The method proposed in this paper has been tested on the
Academic Social Network dataset, and the simulation results show that the method can improve the academic
expertise matching of technology evaluation experts. After adding the comprehensive index feature, the
expert’s comprehensive index feature can be effectively fed back into the experimental results, thus improving

the timeliness and intelligence of the evaluation system.

Keywords: expert selection, label rank, feature fusion, disruptive technology
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